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ABSTRACT

Background: Cryptocurrency assets, known for their high risk, have seen a significant
increase in the number of users, driven by the search for new investment opportunities and
portfolio diversification. This research aims to explore and evaluate the factors that
determine the intention and behavior of investing in cryptocurrencies.

Purpose: The main objective of the study is to understand the effects of the intention to
invest in cryptocurrencies using a behavioral theory, adding cultural moderation to the
investment behavior model.

Method: Quantitative research that uses the Unified Theory of Acceptance and Use of
Technology (UTAUT) as the theoretical lens, the research applied an online questionnaire
and obtained 222 valid responses for analysis, data collected from February to May 2021.
Data analysis was based on structural equation modelling, with estimation using the partial
least squares method.

Results: The results revealed the contribution that UTAUT has on the intention to invest in
cryptocurrencies, and that the variables of performance expectancy, social influence and
facilitating conditions affect the intention to invest in cryptos.

Conclusions: The level of education, in the sample represented by the majority of risk-prone
investors, was a significant and moderating factor in the variations in the result of using the
UTAUT in the context of the behavior of cryptocurrency investors.

Keywords: cryptocurrencies; UTAUT,; culture; level of education; investor behavior.

RESUMO

Contextualizagdo: Os ativos de criptomoedas, conhecidos por seu alto risco, tém
registrado um aumento significativo no numero de usuérios, impulsionado pela procura por
novas formas de investimento e pela diversificagdo de portfolios. Esta pesquisa se propde
a explorar e avaliar os fatores que determinam a intengdo e o comportamento de
investimento em criptomoedas.

Objetivo: O objetivo principal do estudo é compreender os efeitos da intengao de investir
em criptos usando uma teoria de comportamento, acrescentando ao modelo a moderacao
cultural no comportamento de investimento em criptomoedas.

Método: Pesquisa quantitativa que utiliza a Teoria Unificada da Aceitacdo e Uso da
Tecnologia (UTAUT) como lente tedrica, a pesquisa aplicou um questionério on-line e
obteve 222 respostas validas para analise, dados coletados de fevereiro a maio de 2021. A
andlise de dados partiu da modelagem de equacdes estruturais, com estimacdo pelo
método partial least squares.

Resultados: Os resultados revelaram a contribuicdo que a UTAUT tem na intencdo de
investir em criptomoedas, e que as variaveis de expectativa de performance, influéncia
social e condic¢des facilitadoras afetam a inten¢do de se investir em criptos.

Conclus®es: O nivel de escolaridade, ha amostra representada de maioria investidores
propensos ao risco, foi fator significativo e moderador das varia¢des no resultado do uso
da UTAUT no contexto do comportamento de investidores em criptomoedas.
Palavras-chave: criptomoedas; UTAUT,; cultura; nivel de escolaridade; comportamento do
investidor.

RESUMEN

Contextualizacion: Los activos de criptomonedas, conocidos por su alto riesgo, han
registrado un aumento significativo en el nimero de usuarios, impulsados por la basqueda
de nuevas formas de inversién y la diversificacion de carteras. Esta investigacion se propone
explorar y evaluar los factores que determinan la intencién y el comportamiento de inversion
en criptomonedas.

Objetivo: El objetivo principal del estudio es comprender los efectos de la intencién de
invertir en criptomonedas utilizando una teoria del comportamiento, afiadiendo al modelo la
moderacion cultural en el comportamiento de inversion en criptomonedas.

Método: Investigacion cuantitativa que utiliza la Teoria Unificada de Aceptacion y Uso de la
Tecnologia (UTAUT) como lente tedrica, la investigacion aplico un cuestionario en linea y
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obtuvo 222 respuestas validas para el analisis, datos recogidos de febrero a mayo de 2021.
El andlisis de datos se bas6 en el modelado de ecuaciones estructurales, con estimacion
mediante el método de minimos cuadrados parciales.

Resultados: Los resultados revelaron la contribucion que tiene la UTAUT sobre la intencion
de invertir en criptomonedas, y que las variables de expectativa de desemperio, influéncia
social y condiciones facilitadoras afectan la intencion de invertir en criptomonedas.
Conclusiones: El nivel de educacién, en la muestra representada por la mayoria de
inversores propensos al riesgo, fue un factor significativo y moderador de las variaciones en
el resultado del uso de la UTAUT en el contexto del comportamiento de los inversores en
criptodivisas.

Palabras clave: criptodivisas; UTAUT; cultura; nivel de educacion; comportamiento de los
inversores.
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1 INTRODUCTION

Cryptocurrency is an innovative investment
alternative worldwide, considered a high-risk asset in a
market with exponential user growth (Borri, 2019). This
asset moves more than trillions in capitalization
(Coinmarketcap, 2024) and experts believe that the future
will bring a natural integration of the cryptocurrency market
with the capital market, more than what is already seen
today. It is no longer believed in the extinction of this asset,
but rather in the various forms of integration and possibilities
of cryptocurrencies with the world (Donatelli & Colombo,
2021).

This behavior of investing in cryptocurrencies was
researched in the unstable and insecure moment of the
COVID-19 pandemic, where people reacted asymmetrically
in their investments compared to the advance of the disease
(Igbal, Fareed, Guangcai & Shahzad, 2020). Thus, the
cryptocurrency market environment has remained attractive
and increasingly capitalized during the pandemic (Conlon et
al., 2020; Corbet et al., 2018; Lahmiri & Bekiros, 2020).

In studies on investment behavior, various theories
seek to explain this phenomenon. One of them, the one
used in this study, is the Unified Theory of Acceptance and
Use of Technology (UTAUT) (Venkatesh et al., 2003), which
seeks to understand investment intention in the context of
cryptocurrencies.

However, when different authors apply these theories
to study crypto investment, they come up with different
results. Jung et al. (2018) conducted research on
investment intention in China, Vietham and Korea, and
attributed the inconsistencies found to the different cultural
contexts of these countries. For example, the authors
suggest that, in Korea, where a long-term cultural
orientation prevails, the willingness to take risks is greater
than in Vietnam. Thus, investment in cryptocurrencies tends
to be more significant in Korea than in Vietnam.

Shahzad et al. (2018) and Walton & Johnston (2018)
suggest, in the limitations of their research, that individual
culture interferes and can explain the differences in the
results of what impacts the intention to invest in
cryptocurrencies. For example, the social influence
construct in Nseke's (2018) research carried out in Africa
has a significant impact on the intention to invest in
cryptocurrencies. On the other hand, in Spain, the same
social influence was not significant for cryptocurrency
investment (Oliva et al., 2019).

Therefore, given the differences in the behavior of
investing in cryptocurrencies in these countries, there is a
gap in the literature related to the impacts of cultural
moderation between the intention to invest and the
purchasing behavior of each individual, which should
change depending on the country analyzed.

Therefore, the objective of this study is to analyze the
factors that influence the intention and behavior of investors
to invest in cryptocurrencies and to understand the impact

of cultural moderation on this behavior in Brazil.

To provide evidence of these relationships, this study
used determinants of investment in cryptocurrencies, used
in the international literature on the subject (Kwateng et al.,
2019), Jung et al, 2018; Williams, et al., 2015), components
of the Unified Theory of Acceptance and Use of Technology
(UTAUT) (Venkatesh et al., 2003),, components of the
Unified Theory of Acceptance and Use of Technology
(UTAUT) (Venkatesh et al., 2003), considering the
technological and innovative nature of this asset. As seenin
the literature, it is important to add the variable of perceived
risk in the model tested, since the essential treatment is in
the applicability of cryptocurrencies as an investment
(Nseke, 2018; Oliva et al., 2019).

The moderation of culture was captured through two
of Hofstede's (2001) cultural dimensions, as these indicated
significantly high results in Brazil. Hosfstede (1980)
provided a detailed analysis of how national culture is an
important dimension in organizations and is appropriate for
different groups at the organizational and professional
levels. Hosfstede (1980) deals with cultural indicators in
technology companies, and this metric is more
contextualized to test culture in cryptocurrency investment
intentions, as these carry technological characteristics.

Therefore, this study contributes to the literature by
highlighting the understanding of the sustainability of
cryptocurrencies in the financial markets. It also adds to
discussions about the rationality of high-risk investment
intentions and the impact of schooling on these investments.
In practice, considering that superpowers such as China are
in the process of testing their own digital currency, studies
on cryptocurrencies are valid, as they provide evidence that
the future may belong to this technology (Shen, 2021).
Finally, as a practical implication, this research helps
cryptocurrency developers, policymakers, investors and
companies that adopt a sharing economy model to think
about the determinants of investment in these high-risk
alternatives.

2 THEORETICAL FRAMEWORK

Lahmiri and Bekiros (2020) and Conlon et al. (2020)
examined that, during the global COVID-19 pandemic,
cryptocurrency markets were considered to be more
unstable and irregular. At the time of writing, research
shows that investors analyze the advance of the disease in
the world in order to position their investments in cryptos
(Sahoo, 2021) and diversify their portfolio towards
cryptocurrencies in order to obtain short-term gains (Igbal et
al., 2020; Rognone, et al. 2020). This reinforces the curiosity
of what would lead people to the financial behavior of
investing in cryptocurrencies.

To understand what drives people to invest in
cryptocurrencies, research analyzes the intention that
precedes the behavior or the final purchase action
(Abramova & Bdhme, 2016; Folkinshteyn & Lennon, 2016;
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Walton & Johnston, 2018; Shahzad, 2018; Mutambara,
2019; Oliva, Borondo & Clavero, 2019; Agustina, 2019;
Alkashri, Algaryouti, Siyam & Shaalan, 2020). Authors such
as Venkatesh et al. (2012), Fishbein and Ajzen (1975),
Fishbein and Ajzen (1980) and Davis (1986) have built
some of the Behavioral Intention Theories and their
variables in the literature with regard to purchase intention.

UTAUT, one of these theories, has a theoretical
framework that contributes to studies on technological,
innovative and disruptive phenomena, which are
characteristic of cryptocurrencies (Oliva et al., 2019). This
theory was designed to explain how an emerging
technology is accepted by people and organizations
(Kwateng et al., 2019), with three main determinants or
predictors of user behavioral intention: (i) performance
expectancy, (ii) effort expectancy and (iii) social influence
(Venkatesh et al., 2003). The model also adds a direct
relationship between facilitating conditions and investment
behavior. The behavior intention construct is understood as

Performance H1

expectations

Effort
expectancy

Social

Influence

Facilitating
Conditions

Perceived

Risk H5

==
>

Figure 1. Proposed model
Source: Developed by the author.

This research uses an adaptation from the models
used by Baptista and Oliveira (2015) and Khan et al. (2017),
who studied the adoption of Internet Banking in African
countries and Pakistan, respectively, being more
compatible, robust and, in part, similar to the model of this
research, shown in Figure 1. In this model, in addition to
analyzing UTAUT in Brazil, cultural moderation is added
between behavioral intention and the behavior of investing
in cryptocurrencies.

2.2 Performance expectations

Venkatesh et al. (2003) explained that performance
expectancy is considered the most important predictor of
behavioral intentions. Given the purpose of investment, to
generate profitability, cryptocurrencies are inserted into
investment portfolios to add profitable performance (Conlon
et al., 2020). Gil-Alana et al. (2020) identified a potential

a predisposition to consume and the investment behavior
construct is the final action already taken (Venkatesh et al.,
2003).

2.1 Theoretical model

After compiling the initial considerations, the
proposed model is composed of the UTAUT theory, as it
carries the constructs that best capture the intention to
invest in cryptocurrencies, appropriately capturing social
aspects and external facilitators, as well as technological
factors of cryptocurrencies (Jung et al., 2018). Hypotheses
H1 to H4 and H6 emerged from the UTAUT. A construct that
has proved important in cryptoasset investment research
was added to the model: perceived risk, as shown in
hypothesis H5. In the cultural hypotheses taken from
Hofstede's (2003) understanding of a country's culture, to
analyze an individual's cultural moderation between the
intention and behavior to invest, follow the hypotheses H7
and H8.

Cultural dimensions

Long- and Short-
term orientation

Uncertainty
Avoidance

Investment
intention in
cryptocurrencies

Investment
Behavior

HB

role for cryptocurrencies in investor portfolios as a
significant diversification option for investors, with particular
emphasis on Bitcoin and Ethereum. In Spain, the study by
Oliva et al. (2019), performance expectations had the
greatest impact on investment intentions. Therefore, the
more useful the purchase of cryptocurrencies is in the
individual's cognitive perception, the greater their intention
to invest:

H1: The expectation of performance has a positive
influence on the intention to invest in cryptocurrencies.

2.3 Effort expectancy

Effort expectancy measures the degree to which the
emerging technology is easy to use, more precisely its
complexity (Venkatesh et al.,, 2003). The expectation of
effort is similar to the idea of ease of use, used by the
technology acceptance model (TAM) (Nseke, 2018), which
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has been tested in cryptocurrencies by researchers such as
Abramova and Bohme (2016), who point to access
passwords and difficulty in purchasing as insignificant
factors in the intention to invest.

Therefore, people are not influenced by the
complexity of the keys and systems to buy cryptoassets.
However, Folkinshteyn and Lennon (2016) and Shahzad et
al. (2018) present contrary results, showing that
cryptocurrencies have instant transfers and an easy-to-use
interface, which is relevant to the intention to invest. This
gives rise to the second hypothesis of this research:

H2: The expectation of effort has a positive influence
on the intention to invest in cryptocurrencies.

2.4 Social Influence

Venkatesh et al. (2003) said that social influence is
the degree to which a person listens to and is influenced by
the opinions of other people. Social influence has a strong
impact on individual perceptions and user mentality when it
comes to adopting new technologies (Davis, 1989;
Venkatesh & Davis, 1996). In this case, the individual is
sensitized by external communication interference, which
has a significant influence on the individual's life, making
them feel professional and modern when adopting
cryptocurrencies (Oliva et al., 2019). Social influence, via
the web, promotes positive cross-correlation results
between web traffic, social network attributes and
cryptocurrency  performance indicators, significantly
impacting cryptocurrency market capitalization, trading
volume and price (Park & Park, 2020; Nseke, 2018).
Therefore:

H3: Social influence has a positive impact on the
intention to invest in cryptocurrencies.

2.5 Facilitating Conditions

Facilitating condition is the perception that the
existence of infrastructure and organization helps in the use
of technology, the perception of a favorable or unfavorable
environment for action (Venkatesh et al, 2003). In this
variable, in particular, the UTAUT model brings the influence
of facilitating conditions directly to bear on behavior
(Venkatesh et al, 2003). However, Venkatesh et al. (2012)
adapts UTAUT to the context of consumer use of
technology, claiming that the environment available to each
investor varies, which would lead to variation in access to
investment brokers, investment devices and so on.
Therefore, facilitating conditions will influence both intention
and behavior (Venkatesh et al. 2012).

To invest in bitcoins, for example, one must use the
internet, as well as having skills and knowledge about
security and purchasing systems (Bunjaku, Gjorgieva-
Trajkovska & Miteva-Kacarski, 2017). An investor who has
access to a favorable set of conditions that make it easier,
such as a step-by-step process or customer service support,
will have a greater intention to use (Baptista & Oliveira,

2015). The facilitating condition has already been shown in
tests in other countries to have a significant influence on
intention and behavior when it comes to investing in
cryptocurrencies (Oliva et al.,, 2019), which leads to the
hypotheses:

H4a: The facilitating condition has a positive influence
on the intention to invest in cryptocurrencies.

H4b: The facilitating condition has a positive influence
on investment behavior.

2.6 Perceived risk

It is worth clarifying that the UTAUT does not include
the perceived risk construct. However, following the
reasoning of several researchers on the subject of
cryptoasset investment, such as Abramova and Bohme
(2016), Folkinshteyn and Lennon (2016), Walton and
Johnston (2018) and Oliva et al. (2019), this research also
includes in its model the analysis of perceived risk as an
important predictor of behavioral intention.

After Bauer (1960) presented the theory of perceived
risk, several authors included the relevance of this variable
in their research. Due to their predominantly volatile nature,
cryptocurrencies have become high-risk investment
speculation assets, with risk itself being the language
perfectly included in the literature to understand everything
from price phenomena (Moser et al., 2014) to investment
intentions (Folkinshteyn & Lennon, 2016).

As Abramova and Bohme (2016) point out in their
research on bitcoins, the significance of the risk is high and
is due, in part, to the fluctuating value, the risk of financial
losses in the event of a malfunction and a breach of the
security of service provider systems or users' own devices.
This reinforces the importance of perceived risk in predicting
behavioral intentions. The view of perceived risk is identified
with the doubtful feelings and tension of cryptocurrency
acceptance. So, the hypothesis is given:

H5: Perceived risk has a negative influence on the
intention to invest in cryptocurrencies.

2.7 Investment Intention and Investment Behavior

Following the understanding of UTAUT, which argues
that individual behavior is predictable and influenced by
individual intention (Yu, 2012; Baptista & Oliveira, 2015;
Khan et al., 2017), this psychological model supports the
belief that behavioral intention has a substantial influence
on final behavior (Venkatesh et al., 2003), thus on
investment. This influence has been studied and found to be
significant in research with other objects of study (Baptista
et al., 2015). So, here's the hypothesis:

H6: The intention to invest in cryptocurrencies has a
positive impact on usage behavior.

2.8 Culture
Works such as Hofstede's (1980) have gained
importance and influence in the analysis of countries'
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culture, as he collects and analyzes a robust empirical base
from many countries on five dimensions of culture.
Hofstede's (1980) data collection was carried out in
technology companies, which is an analysis of
organizational culture, which is more familiar with the
investment environment analyzed in this research.

Relevant to the study of investment behavior, and
with high significance in Brazil, only two of Hofstede's (2001)
dimensions were chosen: (i) uncertainty avoidance index
(UAI), (i))long versus short-term orientation (LTO).

The dimension of uncertainty avoidance (UC)
measures the degree of discomfort of each individual in the
face of uncertainty. Countries with a high degree of aversion
maintain their strong beliefs and behaviors, such as Brazil,
which has a high uncertainty, avoidance with a score of 76,
being conservative, a strategy for market consolidation,
confirmed by a complex framework of laws for various social
regulations (Hofstede, 2003; Hofstede et al., 2010).
Individuals who avoid uncertainty will be less inclined to
invest in cryptos (Abramova & Bohme, 2016).
Cryptocurrencies are classified as a high-risk diversifying
investment. Therefore, high uncertainty aversion distances
people from investing in the asset, given its volatility
(Makarov & Schoar, 2020). Hence, the hypothesis is
discussed:

H7: Uncertainty avoidance moderates (weakens)
behavioral intention (BI) and use behavior (UB).

The long-term orientation dimension means fostering
virtues oriented towards future rewards, in particular
perseverance and thrift (Hofstede, 2001). Brazil has a high
long-term orientation, with persistence and adaptation to
new circumstances, and is therefore considered to be a
society that is adept at change and transformation, with
forward-looking values (Hofstede, 2003). Cryptocurrencies,
despite their characteristics as a risky asset, are
incorporated into a disruptive technology and with the
possibility of future rewards, long-term countries are more
likely to invest in them. So, the hypothesis arises:

H8: Long/short term moderates (strengthens)
behavioral intention (Bl) and usage behavior.

3 METHODOLOGY

The aim of this study is to analyze the factors that
influence the intention and behavior of investors with
different levels of education to invest in cryptocurrencies
and to understand the impact of cultural moderation on this
behavior. To achieve these objectives, the research method
chosen is primary data collection using a quantitative,
descriptive and cross-sectional approach.

A non-probabilistic method was used and data was
collected using a structured questionnaire, which was
applied online using Google Forms. The study population is
made up of anyone who intends to invest in
cryptocurrencies in Brazil, thus allowing for a cultural
separation of this country.

The questionnaire began with a paragraph explaining
the purpose and target audience of the survey. For
population control purposes and to reach this target
audience, the following questions were initially inserted:
"Have you ever heard of cryptocurrencies?", "Have you ever
heard of bitcoin?" and "Do you want to invest in
cryptocurrencies?". If the participant answered "yes" to all
three questions, they were assigned to the rest of the
questionnaire, while anyone who answered "no" to one of
these questions was excluded from the database.

The constructs were evaluated based on 32
statements, answered on a seven-point Likert scale, ranging
from 1 (totally disagree) to 7 (totally agree). The constructs
were measured using scales already validated by Davis
(1986), Venkatesh and Davis (2000), Venkatesh, Morris et
al. (2003), and adapted to the context being measured.

The performance expectancy, effort expectancy and
facilitating conditions constructs were adapted from
Venkatesh et al. (2012), containing four statements each.
Behavioral intention was measured using the scale by
Venkatesh et al. (2012) and has three statements. The
social influence and perceived risk constructs were
measured using the Oliva et al. (2019) scale, with three
statements. Investment behavior was measured using the
scale by Khan et al. (2017). Where necessary, the wording
of the items has been adapted to cryptocurrencies.

In the constructs of cultural moderators, uncertainty
aversion and long and short-term orientation, the questions
are adapted from the scale by Baptista and Oliveira (2015),
containing three and four questions respectively. The
complete table of constructs and their indicators used in the
research can be found in Appendix A.

At the end of the questionnaire, all participants were
asked to provide information about their sociodemographic
data: age, gender, level of education, area of training,
income and region in which they live. In addition to two more
questions about investment behavior: whether the
respondent already invests and, if so, the level of investor
they believe they fit into. This makes it possible to carry out
analyses with control variables.

In order to resolve doubts and correct flaws in the
items due to the translation into the cryptocurrency context,
the questionnaire was first made available to 11
respondents as a pre-test. Once the necessary changes
had been made, the questionnaire was applied and made
available in electronic form (internet), accessible via a link
that was circulated on social networks such as Facebook,
WhatsApp, emails, cryptocurrency events, etc. The
questionnaire can be found in Appendix B.

The survey was carried out and the data was
collected from February 2021 to May 2021, totaling 380
responses, excluding those in which the respondent
declared not knowing what cryptocurrencies are or not
intending to invest in them, leaving 222 valid responses for
analysis. The sample had the following demographic and
socioeconomic characteristics, which can be seen in Table
1.
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Table 1
Sample Characterization
Features Measures Frequency Percentage
Sex Female 80 36.00%
Male 142 64.00%
Under 25 51 23.00%
25t0 34 84 37.80%
Age 35to0 44 53 23.90%
45 to 54 22 9.90%
55 or older 12 5.40%
Elementary school 2 0.90%
High school 24 10.80%
Education Technical education 16 7.20%
Degree 55 24.80%
Postgraduate 115 51.80%
Other 10 4.50%
South 20 9.00%
South East 53 23.90%
Dwelling region Midwest 13 5.90%
North East 129 58.10%
North 7 3.20%
Up to R$1,800.00 24 10.90%
From R$1,801.00 to R$4,500.00 50 22.70%
Family income From R$4,501.00 to R$6,300.00 43 19.50%
From R$6,301.00 to R$9,000.00 27 12.30%
Higher than R$9,001.00 76 34.50%
Accounting 78 37.10%
Law 21 10.00%
Education area Administration 55 26.20%
Economy 11 5.20%
Others 57 21.50%

Source: Research data.
Note: Sample of 222 respondents.

For data analysis purposes, structural equation
modeling was used with data estimation by the PLS method
(Partial Least Squares), as it is a complex model with many
constructs (Hair, Risher, Sarstedt, & Ringle, 2019). The
measurement model was analyzed using confirmatory
factor analysis (CFA) to check factor loadings and
convergent and discriminant validities. To check internal
consistency, composite reliability (CR) and Cronbach's
alpha tests were carried out. Convergent validity was
measured by analyzing the average variance extracted
(AVE). To check for discriminant validity, the Fornell and
Larcker (1981) criterion was used to validate the constructs.
Hypotheses were then tested to check the quality of the
model's fit (R?) and its predictive validity (Q?) and, finally,
collinearity was checked using the variance inflation factor
(VIF).

4 ANALYSIS AND DISCUSSION OF RESULTS

4.1 Validation of the Measurement Model

Once the data had been collected, they were
analyzed, starting with the validation of the measurement
model, which is the first step in evaluating the results in PLS-
SEM (Hair et al., 2019). All the constructs in this model are
reflective. In order to check internal consistency and
convergent and discriminant validity, a confirmatory factor
analysis (CFA) was carried out to verify the factor loadings

of the construct indicator items, with values greater than
0.708 being accepted as valid (Hair et al., 2019). The
indicator for the long- and short-term orientation construct,
LT2, had a factor load of 0.49 and was removed from the
model. The same goes for the indicators of facilitating
conditions, FC4 factor load 0.68, perceived risk, PR2 factor
load 0.56 and uncertainty avoidance, UC3 factor load 0.54,
improving the consistency of the model. The other
constructs did not present any problems for further analysis.
Hair et al. (2019) also suggests checking other
indicators of internal consistency reliability, in this case
testing Cronbach's alpha (values between 0.70 and 0.95
allowed) and composite reliability (CR) (values greater than
0.7 are allowed). In this study, the CR was between 0.79
and 0.95 and Cronbach's alpha between 0.68 and 0.91,
suggesting good reliability of the instrument's indicators
(Churchill, 1979; DW Straub, 1989), as shown in Table 2.
Convergent validity was tested by checking the
proportion of the variance of the items that is explained by
the construct to which they belong, which was done by
checking the average variance extracted (AVE), and all
constructs are accepted when the AVE is equal to or greater
than 0.5, indicating that the construct explains at least 50%
of the variance of its items (Fornell & Larcker, 1981,
Henseler et al., 2009; Hair et al., 2019), the model's AVE
results were all satisfactory and above 0.56, indicating that
convergent validity was invariably satisfied, see Table 2.
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Table 2
Reliability and Convergent Validity

. Composite Average Variance
CrorEaeis Alphe e Reliability (CR) Extracted (AVE)
Uncertainty Avoidance 0.699 0.728 0.867 0.766
Investing behavior 0.904 0.931 0.934 0.782
Facilitating conditions 0.736 0.737 0.850 0.655
Expectation of Effort 0.899 0.912 0.929 0.766
Performance expectations 0.887 0.890 0.923 0.751
Social influence 0.876 0.878 0.924 0.801
Investment Intention 0.887 0.887 0.930 0.817
Long- and short-term orientation 0.683 0.606 0.791 0.561
Perceived risk 0.915 0.957 0.959 0.920

Source: Research data.

Discriminant validity was also checked to verify the
relationship between the indicators and their constructs,
indicating the degree of differentiation between one
construct and the others (Hair et al., 2014). Henseler et al.
(2015) proposed the heterotrait-monotrait ratio (HTMT) of

constructs. Table 3 shows the results of the discriminant
validity. In addition to this analysis, Table 4 shows the
cross-load analysis. Thus, based on all the results, the
model showed satisfactory convergent and discriminant
validity.

correlations, proposing a limit of up to 0.90 for similar

Table 3
Heterotrait-Monotrait Discriminant Validity (HTMT)
ucC UB FC EE PE Sl Bl LT PR
Uncertainty Avoidance 1
Investing Behavior 0.200 1
Facilitating Conditions 0.277 0.466 1
Effort Expectancy 0.207 0.387 0.752 1
Performance Expectations 0.153 0.436 0.670 0.532 1
Social Influence 0.227 0.329 0.625 0.526 0.546 1
Investment Behavior 0.357 0.738 0.719 0.575 0.692 0.601 1
Long- and short-term orientation 0.577 0.196 0.195 0.151 0.179 0.163 0.259 1
Perceived risk 0.164 0.068 0.163 0.059 0.163 0.045 0.136 0.230 1

Source: Research data.

Note: Average value of the correlations of the items between the constructs, in relation to the (geometric) mean of the average correlations
for the items measuring the same construct. As the values are less than 0.90, there is discriminant validity under the HTMT ratio (Hair et
al., 2019).

Table 4
Cross Load Analysis
uc uB FC EE PE SI Bl LT PR
Uc_2 0.907 0.161 0.278 0.245 0.187 0.233 0.293 0.330 0.050
uc_1 0.842 0.126 0.072 0.042 -0.015 0.066 0.200 0.351 0.183
UB_4 0.170 0.940 0.329 0.316 0.331 0.299 0.648 0.215 0.059
UB_3 0.086 0.732 0.202 0.201 0.270 0.132 0.436 0.117 -0.032
UB_2 0.192 0.951 0.382 0.345 0.366 0.306 0.665 0.201 0.069
UB_1 0.118 0.896 0.431 0.388 0.406 0.298 0.586 0.032 0.067
SI_3 0.134 0.281 0.500 0.394 0.452 0.874 0.475 -0.008 0.048
SI_2 0.103 0.236 0.414 0.386 0.422 0.905 0.446 0.087 0.019
S 1 0.243 0.289 0.440 0.480 0.414 0.905 0.503 0.164 0.028
PR_3 0.106 0.008 0.126 -0.004 0.123 -0.003 0.104 0.230 0.949
PR_1 0.127 0.083 0.133 0.029 0.161 0.063 0.133 0.200 0.970
PE_4 0.081 0.327 0.517 0.445 0.911 0.354 0.549 0.062 0.181
PE_3 0.064 0.327 0.442 0.369 0.886 0.332 0.504 0.019 0.147
PE_2 0.098 0.342 0.465 0.434 0.913 0.435 0.562 0.032 0.153
PE_1 0.144 0.355 0.460 0.450 0.746 0.541 0.512 0.161 0.034
LT 4 0.276 0.151 0.160 0.118 0.127 -0.003 0.236 0.823 0.216
LT_3 0.298 0.022 -0.091 -0.138 -0.093 0.074 0.008 0.628 0.062
LT_ 1 0.342 0.124 -0.008 0.011 0.010 0.165 0.131 0.782 0.147
FC_3 0.126 0.332 0.786 0.411 0.509 0.411 0.479 -0.017 0.167
FC_2 0.163 0.304 0.823 0.482 0.356 0.372 0.424 0.134 0.084
FC_1 0.227 0.302 0.818 0.615 0.448 0.437 0.510 0.108 0.075
EE_4 0.149 0.305 0.437 0.869 0.315 0.409 0.406 0.042 -0.034
EE_3 0.172 0.268 0.595 0.863 0.467 0.459 0.454 0.066 0.041

Source: Research data.
Note: The loads of the construct indicators have a greater attraction value with their constructs, compared to the loads of the other
indicators.
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4.2 Validation of the Structural Model

The validation of the structural model was verified
through the coefficients of determination, R2, which explains
the endogenous constructs and predictive relevance, Q2
which indicates, in percentage, how much the model can
explain the observed values (Hair et al., 2014). The
coefficient of determination, R2, above 0.19 to 0.33, is
considered weak; 0.33 to 0.67, moderate; and above 0.67
substantial (Chin, 1998). In the model tested, the intention
to invest in cryptocurrencies had an R? of 0.52 and the
investment behavior construct had an R2? of 0.45, both
considered moderate.

The analysis of hypotheses and construct
relationships was based on the examination of standardized

paths. Path coefficient levels were estimated using the
bootstrapping method (Henseler et al.,, 2009), with 5000
resampling interactions (Chin, 1998). The p-value results
are summarized in Tables 5 and 6. The factors that
positively influence investment intention and indirectly
investment behavior are effort expectancy, performance
expectancy and social influence. It has no effect on the
intention to invest in cryptoassets and indirectly on the final
behavior, the perceived risk and the expectation of effort.
The facilitating conditions construct has no direct effect on
behavior. Cultural constructs had neither a direct nor a
mediating effect on behavior.

Table 5
Significance Results of Path Coefficients
Sample Standard Statistics T P-Value
Mean Deviation
Uncertainty Avoidance -> Investing Behavior -0.022 0.052 0.591 0.554
Facilitating Conditions -> Investing Behavior 0.009 0.066 0.064 0.949
Facilitating Conditions -> Investment Intention 0.237 0.083 2.874 0.004
Effort Expectancy -> Investment Intention 0.124 0.070 1.736 0.083
Performance Expectations -> Investment Intention 0.339 0.065 5.201 0.000
Social Influence -> Investment Intention 0.174 0.069 2.507 0.012
Investment Intention -> Investment Behavior 0.651 0.065 10.031 0.000
LT * UB -> Investing Behavior 0.073 0.079 1.058 0.290
Long-Term and Short-Term Orientation -> Investing Behavior 0.059 0.060 0.713 0.476
Perceived Risk -> Investment Intention 0.041 0.051 0.776 0.438
UC * UB -> Investing Behavior -0.012 0.044 0.510 0.610
Control Variables in the Model

Schooling -> Investment Intention -0.126 0.054 2.328 0.020
Experience -> Investment Intention -0.011 0.055 0.228 0.820
Age -> Investment Intention 0.085 0.052 1.632 0.103
Income -> Investment Intention -0.013 0.060 0.191 0.848
Gender -> Investment Intention 0.004 0.049 0.073 0.942

Source: Research data.

Note: LT * UB and UC * UB are the effects of cultural mediators on investing behavior.

Table 6

Indirect Effects on Investing Behavior

Sample Mean Standard Deviation Statistics T P value

Perceived Risk -> Bl -> UB 0.026 0.033 0,778 0,437
Experience -> Bl -> UB -0.007 0.036 0,228 0,820
Facilitating conditions -> Bl-> UB 0.154 0.055 2.834 0.005
Education -> Bl -> UB -0.081 0.035 2.344 0,019
Social Influence -> Bl -> UB 0.114 0,048 2.348 0,019
Performance expectancy -> Bl -> UB 0.221 0.051 4.365 0.000
Age -> Bl -> UB 0.055 0.033 1.680 0.093
Sex -> Bl -> UB 0.003 0,032 0.073 0.942
Effort expectancy -> Bl -> UB 0,081 0.046 1.717 0,086
Income ->BI-> UB -0,008 0.039 0,192 0.847

Source: Research data.

Note: Data run with control variables, for significance of the indirect effect on the behavior of investing in cryptocurrencies.

The model has predictive relevance (Q?), the results
are considerably accepted, with Q2 above zero (Hair et al.,
2017) and the values found indicated a good predictive
value of 0.41 for behavioral intention and 0.34 for

investment behavior. Therefore, hypotheses H1, H3, H4a
and H6 are significant and accepted. The result is shown in
Figure 2.
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Figure 2. Final Model.
Source: Developed by the author.
Note: Significance table (*p<0.05; **p<0.01; ***p<0.001)

4.3 Results Discussion

The aim of this study was to analyze the factors that
influence the intention and behavior of investing in
cryptocurrencies, as well as to understand the impacts of
cultural moderation on said behavior. The data analysis
revealed significant relationships between the proposed
hypotheses, H1, H3, H4a, and H6, finding evidence that the
variables of performance expectancy, social influence, and
facilitating conditions can indeed influence the intention to
invest in cryptocurrencies and indirectly the investing
behavior. It was also observed that the cultural variables in
this sample do not moderate the relationship between
intention and behavior.

The first hypothesis investigated in this study (H1)
sought evidence that performance expectancy influences
the intention to invest (Venkatesh et al., 2003), with the
expected and confirmed significant and positive relationship
between them. The hypothesis was tested and supported
(p-value < 0.001), replicating findings from authors such as
Oliva et al. (2019). The results highlight, as suggested in the
literature, that in Brazil, cryptocurrencies are seen as having
the potential to diversify investments and maximize gains
(Conlon et al., 2020).

Hypothesis H2 sought to verify whether there is
evidence that effort expectancy positively influences the
intention to invest, with the hypothesis not supported in line
with Abramova and Bohme (2016), who indicate that
password access and purchase difficulty are relatively
insignificant factors in investment intention. This contrasts
with the findings of Folkinshteyn and Lennon (2016) and
Shahzad et al. (2018). Thus, cryptocurrencies in this sample
from Brazil are not intentionally attractive due to ease of
access and simple interfaces. Interestingly, the survey
respondents, despite their familiarity with the technologies
used for investing (72.5% of respondents already invest in

Cultural dimensions

Long- and Short-

Uncertain
ty term orientation

Avoidance

H7 (0.61)

Investment
intention in
cryptocurrencies

Investment
Behavior

H6 (0.000)™

Hab (0.949)

the financial market), do not perceive this as a factor
affecting investment intention.

Hypothesis H3 sought evidence that social influence
positively impacts the intention to invest. Tested, the
hypothesis was supported (p-value < 0.05). Unlike countries
like Spain, where people are not influenced to invest in
cryptocurrencies (Oliva et al., 2019), in Brazil, the result was
significant, possibly proving the influence that media and
internet channels have on investment intention (Park &
Park, 2020). This analysis is also found in research on
stocks and risky assets, where the popularity of stocks can
diverge from their fundamental value and increase
attractiveness (Yoshinaga & Rocco, 2020).

Hypothesis H4a confirms that facilitating conditions
positively impact the intention to invest (p-value < 0.01) and
indirectly, behavior (p-value < 0.005). The sample in this
study possesses skills and access that make investment
intention attractive, yet it does not significantly affect direct
investment behavior (H4b). It is noted that over 80% of
respondents have a college or post-graduate degree and
have a salary income that allows them access to internet
channels and investments.

In Hypothesis H5, confirming research by Abramova
and Bohme (2016) and Oliva et al. (2019), it is noted that
perceived risk does not negatively influence the intention to
invest in cryptocurrencies. Respondents do not perceive risk
as a predictive factor for investment intention, potentially
due to the sample's characteristics, as depicted in Figure 3,
showing that 72.5% of respondents already invest in the
financial market, with 46% considering themselves
intermediate investors. Therefore, they have a risk-
appropriate profile. Those predisposed to investing in
cryptocurrencies already have a low sensitivity to risk as a
determining factor for their intentions, which may explain the
lack of significance of risk in this study.
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B Have already invested in stock market

B Have never invested

Investors' perception of their experience in the financial market

H Intermediate

M Experienced M Beginner

Figure 3. Characterization of the sample regarding experience in risky investments.

Source: Developed by the author.

Hypothesis H6 was supported (p-value < 0.001),
confirming that factors directly influencing investment
intention compose only an indirect influence on investment
behavior.

Finally, the analysis moved to the moderators in the
proposed model, aiming to verify if culture moderates
behavioral actions. None of the hypotheses were supported
(H7, p-value < 0.77 and H8, p-value < 0.57). The results of
the cultural dimension constructs in this surveyed sample
suggest that, despite conservative cultures focused on
future planning tending to be cautious with investments, this
is not a significant moderating factor for whether or not to
invest in cryptocurrencies.

However, it is important to consider that the non-
significant moderating effect of culture stems from a sample
where 72.5% of individuals already invest, with 46% of these
considering themselves intermediate-level investors in risky
investments. Therefore, this result reflects characteristics
inherent to the risk-prone group. There might be a sample
selection bias, as indicated by the sample characteristics in
Table 1: predominantly male, from the Northeast region,
predominantly college or post-graduate educated, investors
with reasonably comfortable income for risky investments.

In addition to these findings, when separating the
sample by educational level (control variable), the
moderating effect of the cultural variable of long-term
orientation appears significant. Respondents with post-
graduate or undergraduate degrees (p-value < 0.033)
culturally lean more towards buying cryptocurrencies with a
strategic future outlook. Conversely, respondents with only
primary, technical, or secondary education (p-value < -
0.072) show the opposite effect, not inclined towards
purchasing risky assets. This suggests that culturally, the
respondent sample understands at their knowledge level
that investing in cryptocurrencies is economically profitable
and strategic.

Therefore, the gaps identified in the literature
regarding changes in behavior in high-risk asset investment
intentions may also be determined by variables that have
not yet been identified.

5 FINAL CONSIDERATIONS

This study provides theoretical contributions and
implications by applying the UTAUT model in Brazil to
analyze the factors influencing the intention and behavior of
investing in cryptocurrencies. It aims to understand the
impacts of cultural moderation in this country on
cryptocurrency investment behavior.

In terms of practical contributions, the results largely
align with research from other countries, showing that
performance expectancy, social influence, and facilitating
conditions can influence the intention to invest in
cryptocurrencies and, indirectly, the actual investment
behavior. The findings provide evidence as to why
cryptocurrencies have gained significant traction and
growth. The belief in their growth performance and
profitability, the influence of social cycles among users, and
the conditions of risk-prone investors make cryptocurrencies
an attractive investment alternative. It's also noteworthy that
in this predominantly investor sample, cryptocurrency users
do not heavily consider risk in their decision-making; their
positive familiarity with risk either predisposes them to
accept the inherently risky nature of cryptocurrencies or
gives them a sense of security in them.

Despite these contributions, the study has limitations.
One limitation is related to sample selection bias due to the
use of non-probabilistic sampling, which restricts the
generalizability of results. Another limitation is the cross-
sectional nature of the study, capturing respondents’
perceptions during a period of global pandemic. These
perceptions may change over time, potentially altering the
study's outcomes.

Regarding control variables, they were solely used to
isolate the causal relationship between constructs, as per
Hair et al. (2019), without implying significant relationships.
However, separating the sample by educational level shows
that cultural moderation appears to influence individuals'
propensity to invest in cryptocurrencies among those with
higher education, whereas the opposite effect is observed
among those with lower education levels, both influenced by
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a culture of long-term orientation (LT), which is prevalent in
Brazil.

Due to the small sample size when separated,
inference cannot definitively state that in cultures with a high
LT, educational level determines investment behavior in
high-risk assets. Moreover, high educational attainment
does not necessarily correlate with high financial literacy
regarding decision-making interpretation. Thus, these
findings warrant further exploration in future research to
understand the role of socioeconomic characteristics in
individuals' intentions and  behaviors  regarding
cryptocurrency investment.

However, without separating by education, the results
of cultural moderation do not appear significant. Therefore,
differences in results from other countries may arise from
economic and regulatory aspects, among other unexplored
factors. Additionally, cultural psychologists argue that
theories tested on members of a culture, within small
samples thereof, are susceptible to ethnocentric biases in
respondents’ reasoning processes, potentially yielding
results that cannot be generalized to the population
(Malhotra & McCort, 2001). This highlights the need for a
deeper understanding of why culture in this research does
not moderate investment intentions, considering the
specificities of the sampled population.

Another limitation is the exclusion of all variables
existing in the literature within behavioral models, leaving
room for future research using the Unified Theory of
Acceptance and Use of Technology 2 (UTAUT2),
incorporating variables such as price value, habit, and
hedonic motivation, which are crucial for investigating
investment intentions.

This article does not definitively reveal investment
behavior intentions, given that the collected sample exists
within a pandemic context. Rather, it provides a snapshot
diagnosis that can inform strategies for entities promoting
cryptocurrencies and/or for governments developing digital
currencies.

In summary, research into cryptocurrency investment
behavior remains open to further investigation, which can
produce valuable contributions to both literature and the
advancement and adoption of cryptocurrencies globally.
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APPENDIX A - TABLE OF CONSTRUCTS

Construction

Indicators

Reference

Performance expectation (PE)

PEL1 - Investing in cryptocurrencies is useful in my everyday life.

PE2 - Investing in cryptocurrencies increases my chances of making money.

PES3 - Investing in cryptocurrencies helps you make money faster

PE4 - Investing in cryptocurrencies increases my profitability.

(Venkatesh et al.,
2012)

Effort Expectancy (EE)

EEL1 - Learning to use cryptocurrencies is easy for me

EE2 - My interaction with cryptocurrencies is clear and understandable

EE3 - It is easy for me to become skilled in using cryptocurrencies

EE4 - | think cryptocurrencies are easy to use

(Venkatesh et al.,
2012)

Social Influence (SI)

SI2 - People who are important to me think | should use cryptocurrencies

SI2 - People whose opinion | value think using cryptocurrencies is useful.

SI3 - People who influence my behavior think | should use cryptocurrencies.

(Oliva et al., 2019)

Facilitating Condition (FC)

FC1 - | have the knowledge before using cryptocurrency

FC2 - | have the necessary resources to use cryptocurrency

FC3 - Cryptocurrency is compatible with other technology | use

FC4 - Can | get help from others when | have difficulties using cryptocurrencies

(Venkatesh et al.,
2012)

Perceived Risk (PR)

PR1 - Using cryptocurrencies is risky

PR2 - There is a lot of uncertainty associated with the use of cryptocurrencies
purchased with other currencies

PR3 - Investments in cryptocurrencies are risky

(Oliva et al., 2019)

Behavioral Intention (BI)

BI1 - | intend to use cryptocurrencies in the future

BI2 - | will always try to use cryptocurrencies in my daily life

(Venkatesh et al.,

Uncertainty Avoidance (UC)

- - 2012
BI3 - | intend to use cryptocurrencies frequently )
UC1 - Rules and regulations are important because they tell workers what the
organization expects of them )
(Baptista &

UC2 - Order and structure are very important in a work environment

UC3 - It is better to have a bad situation that you know than to have an
uncertain situation that could be better

Oliveira, 2015)

Long and Short Term
Orientation (LT)

LT1 - Respect for tradition is important to me

LT2 - | work hard to be successful in the future

LT3 - Traditional values are important to me

LT4 - | plan for the long term

(Baptista &
Oliveira, 2015)

Investment Behavior (UB)

UBL - | use cryptocurrencies

UB2 - | buy cryptocurrencies to diversify my investments

UB3 - | use cryptocurrencies on a daily basis

UB4 - | use cryptocurrencies to make investments

(Khan et al, 2017)
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APPENDIX B — SURVEY QUESTIONNAIRE

Hello!

| am a master's degree student in Accounting at FUCAPE Business School — Fortaleza (CE). | am developing academic research on
culture and investments in cryptocurrencies and would like to know your opinion.

This is a study specifically aimed at those who intend to invest in cryptocurrencies or already invest. It is completely confidential and
there is no need for identification.

We invite you to participate in our research by answering the questionnaire below, which lasts a few minutes.

Your collaboration is very important. Thanks!
Julyanne Lages de Carvalho Castro
Professor Dr. Danilo Mont-Mor (adviser)
Professor Dr. Neyla TArdin ( advisor )

1. Have you ever heard of cryptocurrencies?
0 Yes
0 No

2. Have you ever heard of Bitcoin?
0 Yes
O No

3. Have you ever considered investing in cryptocurrencies?
O Yes
0 No

In the questions that follow, we want to know your opinion: whether you agree or disagree with the statements. To this end, responses
are presented on a scale of 1 to 7 points, with 1 being "totally disagree" with the statement and 7 being "totally agree" with the
statement.

4 Investing in cryptocurrencies is useful in my everyday life. (TD)1234567(TA)
5. Investing in cryptocurrencies increases my chances of making money. (TD)1234567 (TA)
6. Investing in cryptocurrencies helps you make money faster (TD)1234567 (TA)
7 Investing in cryptocurrencies increases my profitability. (TD)1234567 (TA)
8 Learning to use cryptocurrencies is easy for me (TD)1234567 (TA)
9. My interaction with cryptocurrencies is clear and understandable. (TD)1234567 (TA)
10. It's easy for me to become skilled at using cryptocurrencies

11. | think cryptocurrencies are easy to use. (TD)1234567 (TA)
12. People who influence my behavior think | should use cryptocurrencies (TD)1234567 (TA)
13. People who are important to me think | should use cryptocurrencies (TD)1234567 (TA)
14. People whose opinion | value find using cryptocurrencies useful (TD)1234567 (TA)
15. | have the knowledge before using cryptocurrency (TD)1234567 (TA)
16. | have the resources needed to use cryptocurrency (TD)1234567 (TA)
17. Cryptocurrency is compatible with other technology | use (TD)1234567 (TA)
18. Can | get help from others when | have difficulties using cryptocurrencies (TD)1234567 (TA)
19. Using cryptocurrencies is risky (TD)1234567 (TA)
20. There is a lot of uncertainty associated with using cryptocurrencies purchased with other

currencies (TD)1234567 (TA)
21. Investments in cryptocurrencies are risky (TD)1234567 (TA)
22. | intend to continue using cryptocurrencies in the future (TD)1234567 (TA)
23. | will always try to use cryptocurrencies in my daily life (TD)1234567 (TA)
24. | intend to use cryptocurrencies frequently (TD)1234567 (TA)
25. Rules and regulations are important because they tell workers what the organization expects

of them (TD)1234567(TA)
26. Order and structure are very important in a work environment (TD)1234567 (TA)
27. It's better to have a bad situation that you know than to have an uncertain situation that

could be better (TD)1234567 (TA)
28. Respect for tradition is important to me (TD)1234567 (TA)
29. | work hard to be successful in the future (TD)1234567 (TA)
30. Traditional values are important to me (TD)1234567 (TA)
31. | plan for the long term (TD)1234567 (TA)
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32. | wear cryptocurrencies (TD)1234567 (TA)
33. | buy cryptocurrencies to diversify my investments. (TD)1234567 (TA)
34. | use cryptocurrencies on a daily basis. (TD)1234567 (TA)
35. | use cryptocurrencies to make investments (TD)1234567 (TA)

Caption: TD — totally disagree, TA — totally agree.

36. Your sex
0 Female
0 Male

37. Your age
[0 From 18 to 20.
021to25

0 26 to 30

0 30 to 36

0 37 or older

38.  Your family income

0 Up to R$ 1,800.00

0 From R$ 1,801.00 to 4,500.00
0 From R$ 4,501.00 to 6,300.00
0 From R$ 6,301.00 to 9,000.00
0 Higher than 9,001.00

39.  Your education
0 Elementary school
0 High school

O Technical education
0 Degree

0 Postgraduate

0 Other

40.  Your area of training
00 Accounting

0 Economy

O Law

O Administration

0 Other

41.  Region where you live
0 South

0 South East

0 Midwest

0 North East

0 North

42. Do you invest in the financial market?
0 Yes
0 No

43. Do you consider yourself an investor:
0 Beginner

0 Intermediate

0 Experienced

THANKS! If you can, share the link on your social networks with friends and acquaintances, especially those who know about
cryptocurrencies. Everyone's participation is very important to us!
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